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ABSTRACT

O�ce hour utilization in computer science courses can spike near

deadlines, producing long wait times, frustrated students, and over-

worked sta�. To address this problem, a large CS1 course imple-

mented a split deadlines policy. Students were randomly divided

into two groups with staggered release and due dates. Each group

had the same amount of time to complete assignments, but the

number of students with each due date was reduced by half.

Our study evaluates the e�ectiveness of this policy. We measure

o�ce hour utilization and sta� e�ciency near deadlines, examine

the policy’s impact on student performance, and investigate student

perception of the policy’s fairness and e�ectiveness. Overall we

found that the split deadline policy increased o�ce hour e�ciency,

resulted in no signi�cant di�erence in performance between groups,

and was considered fair and e�ective by most students. Our expe-

rience report includes re�ections and student feedback indicating

how to implement and further improve similar policies.
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1 INTRODUCTION

O�ce hours—set times when students can receive support from

course sta�—play an important role in supporting students in com-

puter science courses [6, 12, 15]. By allowing students to receive
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individual or group tutoring from course sta�, o�ce hours can both

support learning and nurture a sense of course community.

However, rising enrollments in CS courses are complicating

the challenge of providing o�ce hours [1, 10]. Large courses may

struggle to �nd enough space or sta� to run o�ce hours e�ectively—

resulting in long waits, overcrowding, and a negative environment

for sta� and students. Utilization of o�ce hours is also frequently

unevenly distributed. Most students tend to work on assignments

near deadlines, and o�ce hours that were sparsely attended all

week can become packed on the due date [12], with the impending

deadline worsening an already stressful atmosphere.

Packed rooms and long lines result from an imbalance between

sta� availability (supply) and student requests (demand). Many ex-

isting e�orts to improve o�ce hours focus on increasing or improv-

ing supply—including assigning more sta� to work around dead-

lines, and the development of tools to increase sta� e�ciency [9, 11].

Our paper presents a complementary approach that focuses on

managing demand. Given that single deadlines are observed to cre-

ate large spikes of o�ce hour demand, splitting the deadline in half

should create smaller and more manageable spikes. We designed

and implemented this policy in a large introductory computing

(CS1) course at University of Illinois. Students were split into two

deadline groups, where release and due dates were staggered by

one day. All students had the same amount of time to complete

each assignment, but only half shared due dates.

We refer to this policy as split deadlines. We anticipated that it

would improve our ability to support students around deadlines.

But we were concerned about fairness—both actual and perceived—

and about overall student perception of the policy. In this study, we

evaluate split deadlines in three ways:

(RQ1) Did split deadlines improve our ability to support students

in o�ce hours around deadlines?

(RQ2) Was there a di�erence in student performance between the

two deadline groups?

(RQ3) How did students perceive the split deadline policy, particu-

larly in terms of fairness and e�ectiveness?

This paper makes the following contributions. We found that

split deadlines reduced o�ce hour demand spikes and increased

o�ce hour e�ciency near deadlines. We observed no statistically

signi�cant performance di�erences between deadline groups. Over-

all, students believed the policy was fair and e�ective in reducing

o�ce hour wait time. We also discuss how to improve split deadline

policies, based on student feedback and our own experiences.
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2 BACKGROUND AND MOTIVATION

CS1 students typically have access to a variety of support resources—

including peers, websites, and o�ce hours [7, 15]. However, tu-

toring has been long considered e�ective at supporting learning,

making e�ective o�ce hours important for CS1 despite the variety

of other available support resources [3, 16]. Doebling and Zaker-

ouni reported that formal support like o�ce hours had a stronger

correlation with undergraduate computing student success than

informal support like peers and websites [6]. Gao et al. found that

female students, students with �xed mindsets about computing,

and students with weaker knowledge-transferring skills attended

o�ce hours more frequently [8]. They also found that attending

o�ce hours was associated with increased interest in computer

science and the development of a growth mindset [8]. Wirtz et al.

found that students tended to start with resources like peers, the

course forum, and other online resources, and seek support from

o�ce hours when those resources failed [15]. Overall, multiple pre-

vious studies support the role of e�ective o�ce hours in supporting

student success in CS1.

Several previous e�orts to improve o�ce hours have focused

on reducing waiting and improving e�ciency through the use of

queue management systems. My Digital Hand is an online tool used

to manage o�ce hours at multiple institutions [11]. In addition to

maintaining a request queue, My Digital Hand also records stu-

dent and sta� interaction and can distribute questionnaires. Studies

of My Digital Hand have found that waiting time increases near

deadlines, and that waits during busy periods can exceed one hour,

sometimes causing students to leave before receiving support from

course sta�. Harvard’s CS50 Queue also manages a request queue,

ordering student requests by creation time and allowing course sta�

to work together to develop an optimized schedule [9]. However,

CS50 Queue waiting times can still grow to exceed an hour as dead-

lines approach. Our CS 124 course also uses a queue management

system, and data drawn from multiple semesters con�rms what

previous studies have shown: Students’ support requests spike be-

fore deadlines, and this can lead to long waits, overcrowded o�ce

hours, and a stressful environment for sta� and students.

3 CONTEXT

CS 124 is an introductory computer science course at University

of Illinois at Urbana-Champaign. CS 124 is the �rst course for

computing majors, but also a popular service course. Around 80%

of its yearly enrollment of nearly 2,000 students are non-majors.

Since Fall 2020, CS 124 has not held synchronous lectures. Stu-

dents complete a series of daily lessons that combine text, code

examples, interactive code walkthroughs, and video explanations.

Each lesson contains several programming exercises, one for credit

and others for practice. Each week students complete a proctored

computer-based quiz. Over the second half of the semester, stu-

dents complete a longer multi-part Android programming project

over a series of project checkpoints space one-to-two weeks apart.

Students can choose to complete the course in either Java or Kotlin.

This format has proven successful. Over a typical year, around 80%

of students earn A-range grades and less than 4% fail.

Several design choices made by CS 124 to support student suc-

cess helped motivate the split deadline policy. First, CS 124 aims to

provide continuous support for students who need support or have

questions, which is particularly important given the asynchronous

format of the course. CS 124 o�ce hours are sta�ed 14 hours per

day on weekdays and for more limited hours on weekends, with

the goal of ensuring that anytime a student needs support, they

can quickly connect with a course sta� member. Second, CS 124

attempts to spread student workload evenly over the semester—via

the daily lessons, weekly quizzes, and checkpoints included in the

programming project. Encouraging students to learn a bit each day

and discouraging them from procrastinating has a variety of bene-

�ts, but also helps reduce spikes in o�ce hour utilization, which can

threaten the goal of providing low-latency support. While in-person

o�ce hours are o�ered occasionally, online support signi�cantly

reduces the overhead for students to ask questions, since they no

longer need to trek across campus to a given location.

Note that CS 124 student demographics vary between fall and

spring semesters, as shown in Table 1. The presence of most com-

puting majors in the fall semesters results in di�erent patterns of

o�ce hour usage due to di�erences in student prior experience and

motivation. Therefore, in our analysis we compared Fall 2021 with

Fall 2022, and Spring 2022 with Spring 2023. Fall 2021 and Spring

2022 used single deadlines, whereas Fall 2022 and Spring 2023 used

split deadlines. The Android programming project used by CS 124

also rotates yearly, meaning that Fall 2021 and Spring 2022 used

one project, while Fall 2022 and Spring 2023 used another. However,

core project learning objectives are the same from year to year, and

the projects are designed to have similar di�culty levels.

Semester Enrollment % Majors Deadlines Project

Fall 2021 1277 38 Single A

Spring 2022 594 2 Single A

Fall 2022 1231 32 Split B

Spring 2023 746 1 Split B

Table 1: Semester-by-Semester Comparison. Most computing

majors enroll in CS 124 in the fall semester. Split deadlines

were used in the 2022–2023 academic year.

3.1 De�ning O�ce Hour Demand and E�ciency

CS 124 uses its own system for managing online o�ce hours. Stu-

dents initiate requests through the website, and then wait on an

embedded video call. When a sta� member is available, they enter

the student’s room and provide support. When a student’s request

is resolved, they leave the room, closing the request. Note that a

request may not be resolved after one sta� visit, in which case the

student continues waiting for additional support. CS 124 sta� are

trained to rotate between requests proactively, particularly during

busy periods, and students are aware that there is no expectation

that the �rst sta� visit will completely resolve their request.

We measure o�ce hour demand as the number of requests made

over a particular time interval. Because sta� may not be able to

resolve all requests during periods of high demand, we include both

requests that were resolved and ones that were not, including re-

quests where students were never visited by sta�. Students can and

do request support multiple times within any given time interval,

so the total request count is a better measure of demand than the

total number of distinct students who were supported.
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We measure o�ce hour e�ciency as the ratio between support

time and waiting time. If a student spent 100 minutes waiting for

support and 10 minutes working with a sta� member, the resulting

e�ciency is 0.1. Total o�ce hour e�ciency during a given time

period is the ratio between aggregate support time and aggregate

waiting time. This de�nition of e�ciency also helps control for

variation in the project over the years that we studied.

4 SPLIT DEADLINES

Next we describe the implementation of split deadlines in CS 124

and describe our goals when evaluating this policy.

4.1 Implementation

Signi�cant o�ce hour demand spikes were observed near deadlines

for the longer programming project assigned during the second

half of each semester, as described in Section 3. Because students

have some scheduling �exibility when completing the daily pro-

gramming exercises, and because the exercises are smaller, they

were not observed to cause problematic spikes in o�ce hour de-

mand. (Students may not request support during quizzes, so they

do not contribute to o�ce hour demand.) Therefore, we decided to

implement split deadlines for project checkpoint deadlines only.

The split deadline policy was announced as students started

on the longer programming project assigned in the second half of

the semester. The announcement outlined the goals and reasoning

behind the policy, and explained how it was designed to help course

sta� better support all students. Students were randomly assigned

to the �rst or second deadline group, which we refer to as the Early

group and Later group. In our implementation they remained in

the same group for all project checkpoints. Students may choose to

work on the project with a partner, and pairs were assigned to the

same deadline group. Deadlines for for both groups were announced

to students and posted on the course website for reference.

At the end of each project checkpoint, submissions were due for

Early students �rst and for Later students 24 hours later. To equalize

the amount of time that students had to complete each checkpoint,

the test suites needed to begin each checkpoint were also provided

to groups on a staggered basis. As a result, all students had the same

amount of time to work on each project checkpoint, regardless of

their assigned group.

4.2 Evaluation

Split deadlines are intended to improve o�ce hour e�ciency by

reducing spikes in o�ce hour demand near assignment deadlines.

To evaluate split deadlines, we �rst considered e�ectiveness. Did

they successfully spread o�ce hour demand around deadlines and

reduce load spikes? And did this lead to an increase in o�ce hour

e�ciency, allowing students to receive more support and wait less?

We also anticipated several ways in which the policy could re-

sult in unfairness—either real or perceived. Perhaps students with

later deadlines are able to learn enough about the assignment from

students with earlier deadlines to get started. As another potential

source of unfairness, note that both Early and Later group students

may be receiving support through o�ce hours on the Early group

deadline, which may cause longer wait times for Early group stu-

dents. On the Later group deadline, the Early group students are

just beginning the next checkpoint, and are unlikely to produce

signi�cant o�ce hour demand.

To fully evaluate split deadlines, we also needed to consider

fairness. Did one group end up with an actual advantage over the

other, measured by their performance on the project? And did

students perceive the policy to be fair, since their perception of

fairness might a�ect their satisfaction and persistence [2, 14]?

5 METHODS

To understand the fairness and e�ectiveness of the split deadlines

policy, we conducted our analysis from three perspectives. We mea-

sured e�ectiveness by analyzing o�ce hour log data and comparing

o�ce hour demand and e�ciency between semesters with andwith-

out split deadlines. Then we investigated students’ programming

assignment grades to understand whether the split deadlines pol-

icy was associated with any statistically signi�cant di�erences in

grades. We also surveyed students in Spring 2023 and asked their

perception of fairness and e�ectiveness about this policy. In this

section, we report our methods of investigation and evaluation.

5.1 O�ce Hour Demand and E�ciency

CS 124 has its own online o�ce hour management system, so

activity logs of students and course sta� were recorded by the

server and used for our analysis. We analyzed o�ce hour log data

from two semesters before split deadlines (Fall 2021 and Spring

2022) and two semesters with split deadlines (Fall 2022 and Spring

2023). We calculated o�ce hour demand and e�ciency (as de�ned

in Section 3.1) on each assignment due date and took the average

to calculate the overall demand and e�ciency metrics for each

semester. Then we compared o�ce hour demand and e�ciency

on assignment due dates for Fall 2021 versus Fall 2022, and Spring

2022 versus Spring 2023 respectively.

5.2 Programming Assignment Grades

When the split deadlines policy was designed and implemented, one

possible concern was whether it might provide uneven bene�t or

lead to disadvantages for one group over the other, which could be

eventually re�ected in students’ programming assignment grades.

As discussed in Section 4.2, we suspected there might be advantages

for the Later group that could lead to uneven performance on these

programming assignments. Therefore, we analyzed students’ pro-

gramming assignment grades with statistical tests and investigated

whether there was any statistically signi�cant di�erence.

To investigate potential di�erences in performance, we com-

pared the programming assignment grades of students with Early

deadlines and students with Later deadlines across two semesters.

There were three programming assignments in both Fall 2022 and

Spring 2023, and we used the average of all three assignments as

our measurement. We used two-sample C-tests to examine whether

the programming assignments grades were signi�cantly di�erent

between Early and Later groups within each semester respectively.

5.3 Perception of Fairness and E�ectiveness

As explained in Section 4.2, fairness was one of the biggest concerns

when we designed and implemented the split deadlines policy. At

the end of the Spring 2023 semester, we sent out an anonymous,
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optional survey to the class soliciting their opinions about the

split deadline policy, including a �ve-point Likert-scale question

asking students to rate their perceived fairness (“Do you think that

CS124’s split deadline policy was fair or unfair?”), another �ve-

point Likert-scale question for perceived e�ectiveness of the policy

(“Do you believe that CS124’s split deadline policy reduced the wait

time you experienced when seeking help on the [programming

assignments]?”), and an open-response question for more insights

(“What are the reasons you think the split deadline policy was

fair or unfair?”). Students who �lled out this survey were entered

in a ra�e for 20 $10 Amazon gift cards. We collected 141 survey

responses (out of 746 students). Among respondents, 68 were on

the Early group and 73 were on the Later group.

We conducted Mann-Whitney * -tests on each of these two

Likert-scale questions to examine whether there were statistically

signi�cant di�erences between Early and Later groups regarding

perceived fairness and e�ectiveness. We also calculated Pearson’s

correlation coe�cient between these two questions.

For the open-response question soliciting reasons for perceived

fairness, the �rst and last authors conducted a thematic coding.

Since this question was optional on the survey, only 110 out of 141

students answered this question. Both researchers �rst processed

all responses independently and designed their own open-coding

protocols [5]. Then, they discussed their results and collectively

compiled a code book and re-labeled all responses together, and

they made sure they reached consensus on every code for every

response. After the coding process was complete, the �rst author

synthesized salient higher-level themes out of these codes.

6 RESULTS

In this section, we present the results of our methodology grouped

by RQs and discuss how these �ndings answer our RQs.

6.1 RQ1: Did Split Deadlines Improve Our
Ability to Support Students?

To understand o�ce hour demand, we �rst calculated average

number of requests for online o�ce hour help on due dates for

each semester. For Fall 2021, the average number of requests was

875; whereas the average number of requests for Fall 2022 was

705 on Early deadlines and 553 on Later deadlines. Similarly, for

Spring 2022, the average number of requests on due dates was 717,

and the number for Spring 2023 was 343 for Early deadlines and

469 for Later deadlines. It appears that the absolute demand on a

single deadline day decreased with the split deadlines policy, even

as course enrollment increased from Spring 2022 to Spring 2023.

The average wait time per student on assignment due dates

stayed roughly the same between fall semesters (57.5 minutes on

Fall 2021 deadlines, 55.7 minutes on Fall 2022 Early deadlines, and

50.7 minutes on Fall 2022 Later deadlines) and decreased for spring

semesters (39.1 minutes on Spring 2022 deadlines, 23.2 minutes

on Spring 2023 Early deadlines, and 24.7 minutes on Spring Later

deadlines). Besides, the time students spent being helped by TAs

increased for both fall and spring semesters (5.3 minutes on Fall

2021 deadlines, 10.0 minutes on Fall 2022 Early deadlines and 11.1

minutes on Fall 2022 Later deadlines; 13.3 minutes on Spring 2022

deadlines, 17.8 minutes on Spring 2023 Early deadlines, and 19.3

minutes on Spring 2023 Later deadlines). The help-to-wait time

ratio, our metric for e�ciency, increased in the semesters with

the split deadlines. The ratio was 0.15 on Fall 2021 deadlines, and

increased to 0.35 on Fall 2022 Early deadlines and 0.41 on Fall 2022

Later deadlines. Similarly, the ratio increased from 0.70 on Spring

2022 deadlines to 1.22 on Spring 2023 Early deadlines and 1.42

on Spring 2023 Later deadlines. We conclude that o�ce hour

e�ciency roughly doubled on assignment due dates when

the split deadline policy was in place.

Semester (Deadlines) Average number

of help requests

per deadline day

Average help-to-

wait time ratio on

due dates

Fall 2021 875 0.15

Fall 2022 Early 705 0.35

Fall 2022 Later 553 0.41

Spring 2022 717 0.70

Spring 2023 Early 343 1.22

Spring 2023 Later 469 1.42

Table 2: Metrics of o�ce hour demands and e�ciency on due

dates for four semesters.

6.2 RQ2: Was There a Di�erence in Student
Performance Between the Two Groups?

Plots of grade distributions can be seen in Figure 1. The majority of

students (85.3% for Fall 2022, 74.6% for Spring 2023) had an average

above 90 points, and we observed ceiling e�ects for both semesters.

For Fall 2022, the average programming assignments grades of Early

group was 93.14 and 93.15 for Later, and two-sample C-test results

(? = 0.99) suggested there was no di�erence between two groups.

For Spring 2023, the average was 89.25 for Early and 91.31 for

Later, and ? = 0.067 from a two-sample C-test showed marginally

non-signi�cant di�erence. We also conducted two-sample C-tests

for each individual programming assignment, and we observed no

statistically signi�cant di�erence for any of them. Therefore, we

conclude that there was no signi�cant di�erence between Early and

Later groups with respect to programming assignments grades, and

that the split deadlines policy was fair for students in this regard.

Fall 2022 Early Fall 2022 Later
25

50

75

100

Spring 2023 Early Spring 2023 Later

Gr
ad

es
 (0

-1
00

)

Figure 1: Students’ programming assignment grades. There

was no statistically signi�cant di�erence between Early and

Later groups for both Fall 2022 and Spring 2023. Horizontal

bars represent maximum, mean, and minimum scores.
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6.3 RQ3: How Did Students Perceive the Split
Deadlines Policy?

6.3.1 �antitative analysis. For the question “Do you think that

CS124’s split deadline policy was fair or unfair?”, the Early group

had a mean rating of 2.47 and standard deviation of 1.33, and the

Later group had a mean rating of 2.18 and standard deviation of

1.16 (1 was “very fair”, and 5 was “very unfair”). We conducted

a Mann-Whitney * -test and there was no statistically signi�cant

di�erence between these two distributions (?=0.23). On the two

ends, we observed that a higher percentage of students from the

Early group believed this policy was “very unfair” than those from

the Later group (10% versus 3%), and that more students from the

Later group thought “it was very fair” than those from the Early

group (38% versus 31%). The full distribution of responses can be

seen in Figure 2. We conclude that students believed the policy

was fair, and that there was no statistically signi�cant di�erence

between Early and Later groups in this regard.

1 2 3 4 5
1 for "It was very fair". 5 for "It was very unfair".

0.0

0.2

0.4

Pe
rc

en
ta

ge

Early Deadline
Later Deadline

Figure 2: Students’ responses to the question “Do you think

that CS124’s split deadline policy was fair or unfair?”.

1 2 3 4 5
1 for "Absolutely". 5 for "Not at all".

0.0

0.1

0.2

0.3

Pe
rc

en
ta

ge

Early Deadline
Later Deadline

Figure 3: Students’ responses to the question “Do you believe

that CS124’s split deadline policy reduced the wait time you

experienced when seeking help for the [programming as-

signments]?”.

For the question “Do you believe that CS124’s split deadline

policy reduced the wait time you experienced when seeking help

on the [programming assignments]?”, the Early group had a mean

rating of 2.53 and standard deviation of 1.19, and the Later group

had a mean rating of 2.52 and standard deviation of 1.29 (1 was

“absolutely”, and 5 was “not at all”). AMann-Whitney* -test yielded

? = 0.87, suggesting no signi�cant di�erence in perceived e�ec-

tiveness between Early and Later groups. The full distribution of

responses can be seen in Figure 3. We conclude that students be-

lieved that the policy was e�ective in reducing o�ce hour wait

time, and there was no statistically signi�cant di�erence between

Early and Later groups on this question.

The correlation coe�cient between these two questions was

0.46, suggesting a medium-to-large positive correlation between

students’ perception of fairness and that of e�ectiveness [4].

6.3.2 �alitative analysis. The �rst and last author compiled a

codebook with 26 codes that described the sentiments of student

responses. Below are the most salient themes synthesized from the

codes about why students thought the policy was fair or unfair.

Theme 1: Procedural fairness was critical. Students high-

lighted several aspects of the implementation of the split deadlines

policy as reasons for the policy’s fairness. These reasons are ex-

amples of procedural fairness, a form of justice embodied in the

execution process of a policy [13].

One of the most popular sentiments expressed by students when

describing their perception of fairness was that all students had

the same amount of time (24.5% referenced this). Students pointed

out that since both groups had an identical duration to work on

programming assignments, they believed split deadlines were fair.

I have no reasons to think its unfair. I didn’t see any-

one take advantage of it, and honestly, I don’t know

how you could. Whichever group had the later dead-

line also had a later start date, so its not like one group

was given more time to complete the assignment, they

were simply on di�erent timelines. (P42)

Students remarked that the staggered release of the test cases were

key to the policy being fair (8.2% speci�cally mentioned test cases).

It was fair because people who received the test suites

one day later had an extra day for the deadline. (P76)

While the equality in timewas themost commonly expressed reason

for procedural fairness, two other actions by the instructor were

mentioned by students as reasons for the fairness of split deadlines.

One reasonwas clear and proactive communication about the policy

(“It was communicated prior[...],” said P140). The other was the

random assignment of students to deadlines (“It was a random split

and there was no outside deciding factor,” said P48).

Theme 2: E�ectiveness correlates with perception of fair-

ness.Many students approached the question of why they believed

the split deadlines policy was fair from the perspective of how it

a�ected o�ce hour waiting time. 25.5% of students described their

belief that the o�ce hours experience was improved as a result of

the split deadlines policy. Students believed that since this policy

was e�ective in reducing o�ce hour wait time and improving their

access to help during high-demand times, the policy was fair.

The alternative scenario of having a backed-up help

site is certainly less preferable to the split deadline

policy. Overall, I’m glad that I was able to get help

when I needed it on [programming assignments]. (P9)

However, there were some students who believed the wait time was

still long (8.2%), so they did not believe this policy was fair. Students

associated their perceived e�ectiveness of the split deadlines policy

with the policy’s fairness, a sentiment also communicated by the

correlation between responses to the two Likert scale questions

about the policy’s fairness and the policy’s e�ectiveness.
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Theme 3: Some still believe Later is better than Early. De-

spite the equal time students had with assignment test suites, some

students felt that he Early group had “less time” (12.7% mentioned

this). One reason for this perception was procrastination (7.3% said).

I think it was unfair because no one really starts on the

earlier day when assignments was released. Everyone

pushes it till the last day. It seems like we have a day

less even though we technically have the same time.

But overall I think this fault is due to the students.

So it is fair, but it doesn’t feel fair because everyone

procrastinates till the last day. (P107)

Students mentioned some other reasons the Later group had

an advantage, including that those in the Early group could share

�les or guidance with students in the Later group before they had

o�cial access (8.2% mentioned this).

It could be considered *slightly* unfair because people

at a later deadline could learn through friends or in

other ways, what the goals of the project were, giving

them an additional day to work on the project. (P124)

A few respondents stated that as deadlines approached, the

course forum became more established with questions already

asked and answered and course sta� more prepared, giving some

advantage to the Later group (1.8% said this). Another issue raised

(by 2.7% of students) was that on Early deadline dates, Later stu-

dents also used o�ce hours because their deadlines were upcoming

soon; whereas on Later deadline dates, Early students did not have

high demands for o�ce hours since they just started a new assign-

ment. Besides, Early students also commented that they had more

stress (2.7% shared this).

Theme 4: Splitting by only one daywas important. Based on

students’ responses, it turned out students agreed with the instruc-

tor’s decision to split deadlines by only one day (6.4% mentioned

this). When talking about the one-day di�erence, many students

explicitly used the word “only”, and believed it was reason for fair-

ness. For example, P40 said “the idea of split deadlines was good in

my opinion since it was only a di�erence of one day.” Students also

shared their prediction of what it would be like if the split deadlines

were farther apart: “[. . . ] it would have been in my eyes unfair if the

di�erence was something like a week,” said P36.

Theme 5: Interference with other deadlines. Since only pro-

gramming assignment deadlines were split while other deadlines

(for daily short homework assignments and quizzes) were the same

for all students, split deadlines sometimes interacted di�erently

with these other deadlines for the two groups. Some of our respon-

dents mentioned this as a reason for unfairness (10.0%).

I had a class quiz class homework and [prog. assign-

ment] due in one day whereas the other group did not

have to deal with 3 major deadlines in one day. (P39)

Theme 6: For some, their experience didn’t change. Some

students shared that their personal experience in the class was not

a�ected by the split deadlines policy. 8.2% expressed this sentiment

without further explanation. Others mentioned that since there was

enough time for each programming assignment (8.2%), or that they

tended to start early (1.8%), they did not experience crowded o�ce

hours and could always complete assignments smoothly.

7 DISCUSSION

We consider the split deadlines policy successful in CS 124 based

on our evaluation of o�ce hour demand and e�ciency and stu-

dent performance and perception. In this section, we share our

recommendations and re�ect on some limitations.

7.1 Recommendations

Based on our experience and feedback from students, we provide

the following recommendations for instructors considering split

deadlines for their own courses.

(1) Ensure that students have equal time to complete as-

signments. In CS 124, the staggered release for assignments

gave each deadline group the same duration for assignments,

and was a top reason students cited for fairness perceived.

(2) Explain the bene�ts. We found that student belief that

o�ce hourwait timeswere reducedwas associatedwith their

perception that the policy was fair. Sharing the reasoning

behind the policy—or better yet, evidence that it is working—

may result in more positive views of the approach.

(3) Carefully schedule split deadlines. While separating split

deadlines by more than one day may decrease demands on

o�ce hour sta�, our �ndings suggest that students may �nd

it less fair. Also consider how the split deadlines overlap with

other course activities to avoid disadvantaging one group.

(4) Encourage students to start early. Take actions to in-

centive students to start early and avoid procrastination,

as procrastination could undermine the e�ectiveness and

perceived fairness of split deadlines.

(5) Consider rotating deadline groups. Rotating groups be-

tween earlier and later deadlines may help address concerns

about fairness, although it may also produce confusion.

7.2 Limitations

There are some threats to the validity of our results. We did not

begin studying the split deadline policy until the Spring 2023 semes-

ter, at which point it was too late to survey Fall 2022 students. And

while we received survey responses from 141 Spring 2023 students,

the response rate was only 18.9%, and so the survey might not

accurately re�ect the opinions of the entire class.

8 CONCLUSION

Our analysis of the design and implementation of split deadlines

in CS 124 found that the policy met its goals. It reduced spikes in

o�ce hour demand and increased o�ce hour e�ciency around

deadlines, while not causing signi�cant performance di�erences

or perception problems. The majority of students perceived the

policy as fair, while expressing some reasonable concerns, some of

which may be addressed by future re�nement of the policy. Our

experience suggests that split deadlines may be an e�ective way

for courses to support students in o�ce hours near deadlines.
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